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Abstract- AI is not the same as discriminative AI. Artificial intelligence, or AI, has been around for a long time 

and has revolutionized both our personal and professional life, impacting nearly every aspect of our existence. 

Fundamentally, artificial intelligence (AI) is the computer simulation of human intelligence. Large volumes of 

current data are used to train AI algorithms. Training is the process of gaining knowledge from data. 

Discriminative AI and generative AI are the two main schools of thought in artificial intelligence.  

 

I. INTRODUCTION  

A collection of training data with each data point marked with its class is provided to an AI model that can 

discriminate. Next, by determining which side of the decision boundary a new data point falls on, the model predicts 

the class of that data point. With the aid of sophisticated algorithms, discriminative AI models can distinguish, 

categories, spot trends, and make inferences from training data. The ability of email spam filters to distinguish 

between spam and non-spam emails is an illustration of how a discriminative AI model operates. Classification 

challenges are the ideal use case for discriminative AI algorithms. Based on the training data, generative AI models 

learn how to produce new content. They are able to produce new data instances and capture the training data's 

underlying distribution. AI that is generative begins with a prompt.  

Text, pictures, videos, or any other type of input that the model can handle can be used in this. The model produces 

new content as an output, including data, text, photos, audio, and video code. The output generated by generative AI 

can have the same format as the input. The best AI for answering queries like "Is this image a drawing of a nest or an 

egg?" would be discriminative AI. When given instructions like "draw an image of a nest with three eggs in it," 

generative AI would react accordingly. Generic AI mimics human creative abilities more than discriminative AI, 

which imitates our analytical and predictive abilities. This Harvard Business Review comment suggests that artificial 

intelligence (AI) can enhance human creativity in addition to improving our analytical and decision-making skills. 

Based on what they have learned, generative models are able to produce completely new content. Using deep learning 

approaches, both generative and discriminative models are generated. Training artificial neural networks to learn from 

large volumes of data is known as deep learning. 

 

A group of smaller processing units known as neurons that are arranged in an artificial neural network to simulate 

how the human brain processes information. Generative AI models, including variation auto encoders (VAEs), 

diffusion models, transformers, and generative adversarial networks (GANs), are the source of the creative abilities of 

generative AI. The idea of generative AI is not new. Its origins can be found in the early days of machine learning. 

When machine learning was first proposed by scientists in the late 1950s, they experimented with utilising algorithms 

to produce fresh data. The development of neural networks in the 1990s spurred advances in generative artificial 

intelligence. Furthermore, the development of generative AI was further improved in the early 2010s by deep 

learning, which was aided by the availability of enormous data sets and increased processing capacity. 

 

II. ORIGIN OF GENERATIVE AI 

Generative AI has its roots in the early phases of artificial intelligence research and development. Researchers started 

experimenting with using computers to create new types of data, such text, images, and music, in the 1950s. 

Nevertheless, these systems lacked the processing power and data resources necessary for their success. The ELIZA 

Chabot was developed in 1964, marking one of the first applications of generative AI. ELIZA was a rule-based 

system that generated responses depending on text received, simulating user discussions. ELIZA demonstrated the 

promise of generative AI for communication that is human-like, although not being truly intelligent. Significant 

advancements in hardware and software capabilities during the 1980s and 1990s enabled the creation of sophisticated 

generative AI models, such as neural networks. Neural networks can recognise complex patterns in data and are 

inspired by the structure of the human brain.  

These early neural networks could only produce modest amounts of content and required expensive computing power 

to train. The way GANs function is that they train two neural networks against each other: a discriminator that 

attempts to distinguish between synthetic and genuine content, and a generator that generates new content. The 
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generator eventually gains the ability to create content that is convincing enough to fool the discriminator. The way 

VAEs operate is by using the training data to uncover a latent space.  

A representation of the data that captures the most important aspects of the data is called the latent space. By taking a 

sample from the latent space and decoding the latent code into the original data space, VAEs are able to produce new 

material. The creation of new generative AI models has exploded in speed in recent years. These models are now 

capable of producing a large range of content, such as code, graphics, music, and text. Large language models (LLMs) 

such as GPT-3 and Bardin 2020 and 2023 represent the next major development. Because LLMs are trained on large 

text and code datasets, they can produce realistic writing, translate between languages, create a variety of unique 

content types, and provide you with informed answers to your inquiries. Watsonx, an advanced cloud-based 

generative AI platform, was also unveiled by IBM in 2023. Watsonx is compatible with numerous LLMs.1960s: The 

first Chabot, ELIZA, demonstrated the earliest attempts at conversational simulation. 

 

Development of neural networks, 1980s–1990s Leveraging breakthroughs in hardware and software, researchers 

began creating increasingly complex generative AI models, such as neural networks. Deep learning in the early 2000s 

An advancement in AI called deep learning achieved notoriety. Multiple-layer neural networks were used for training 

on large datasets. Generic adversarial networks (GANs) in 2014 GANs, which were first proposed by Ian Good fellow 

and his associates, offered a novel two-player neural network architecture.2015: Models of diffusion The creation of 

diffusion models introduced a fresh method for creating images by progressively incorporating noise into a clear 

image.2020: GPT-3 GPT-3, a cutting-edge language model from OpenAI, shows remarkable natural language 

creation and processing abilities.2023: Watsonx and Bard, Even though the topic of generative AI is still relatively 

new, it has already had a big impact on society.  

New kinds of art and entertainment, novel medicinal treatments, and increased commercial efficiency are all being 

made possible by the application of generative AI. It is anticipated that the potential societal ramifications of 

generative AI will increase dramatically as it develops. These are a few concrete examples of how generative AI is 

currently being used right now: entertainment and the arts: Novel artistic mediums like AI-generated music, books, 

and paintings are being produced through the application of generative AI. New video games and other interactive 

experiences are also being created with generative AI. Medicine: AI-powered medication discovery and tailored 

cancer therapies are two examples of the innovative medical treatments being developed with the help of generative 

AI. Additionally, new medical imaging tools and increased accuracy in diagnosis and treatment are being developed 

through the application of generative AI. Corporate: By automating processes like customer service, marketing, and 

sales, generative AI is being utilised to increase corporate productivity. The development of new goods and services is 

another use for generative AI. 

 

III TOOLS FOR GENERATIVE AI 

In order to create new, realistic artefacts (at scale) that accurately represent the features of the training data while 

avoiding duplication, generative AI can learn from pre-existing artefacts. It is capable of producing a wide range of 

original content, including text, speech, video, music, photos, software code, and product designs. Many of the 

techniques used in generative AI are still being developed. First are AI foundation models, which may be further fine-

tuned and trained on a large amount of unlabelled data for a variety of tasks. These trained models are essentially 

prediction algorithms, but they need a great deal of mathematical computation and processing capacity to produce. 

The threats posed by generative AI are substantial and changing quickly.  

The technology has already been utilised by a wide range of threat actors to produce artefacts to enable increasingly 

sophisticated scams and "deep fakes," or replicas of products. ChatGPT and similar systems are trained using vast 

volumes of data that is made available to the public. Large language models, or LLMs, are the foundation of 

generative AI's text generating capabilities. LLMs analyse context grammar and semantics based on patterns and 

structures learnt during training to produce text that is coherent and appropriate for the given context. By establishing 

statistical correlations between words and phrases, LLMs are able to modify creative writing approaches to fit any 

given situation. Many text generation models are based on LLMs.  

The generative pre-trained transformer, or GPT, and PaLM are two such instances. These models have developed into 

multimodal ones with many functions. Let's use ChatGPT and Bard, two well-liked tools, to discover the capabilities 

of these models. ChatGPT uses sophisticated natural language processing, or NLP, and is based on GPT as the large 

language model. In earlier iterations, ChatGPT could only produce fresh material by text prompts; however, in more 

recent versions, it has the ability to accept both image and text inputs. ChatGPT provides a variety of text creation 

features. It can have coherent dialogue that is dependent on circumstance. Let's initiate a chat with ChatGPT. Enter 

the question "I've heard about generative AI and want to learn more" to begin learning a concept. Based on the 

circumstances,  

ChatGPT provides some basic information in response. "How can I use generative AI to improve my storytelling 

skills?" is a question that can be used to further the conversation and further the study. Based on your query and the 
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context you supplied, ChatGPT responds as prompted. Please feel free to explore and steer the discussion in new 

directions. ChatGPT will create an engaging and educational dialogue flow. It can assist you with a variety of creative 

projects as well. Additionally, ChatGPT offers recommendations for the title, content, and images of particular slides. 

While ChatGPT can understand and reply to other languages, its native tongue is English. When we ask it to write 

"hi" in both French and Spanish, it produces the intended result. Additionally, ChatGPT might be a helpful tool to 

help you learn a new language or any other subject. Moreover, Bard and ChatGPT can produce code and carry out 

code-related operations in a variety of programming languages and frameworks. You'll find that after interacting with 

both ChatGPT and Bard, ChatGPT performs better at producing dynamic responses and preserving the flow of the 

conversation. Bard, however, can be a better option if you're looking for the most recent information or news on a 

subject because it can access websites via Google Scholar and Search.. 

 It is crucial to understand that generative AI models, such as GPT and PaLM, are dynamic and that changes may 

occur to their characteristics and capabilities. There are various text generators besides Chat, GPT, and Bard. For 

instance, Jasper creates excellent marketing content of any length that is suited to the voice of a brand. For producing 

excellent content for blogs, emails, SEO metadata, and social media advertisements, Rytr is a useful tool. 

Additionally, Copy.ai is excellent for producing product descriptions and content for social media marketing.  

Write Sonic is an additional tool that provides specialised templates for various text formats, including blog posts, 

advertisements, and marketing materials. Additionally, tools are offered for particular use scenarios. For instance, by 

identifying the main ideas or concepts in a document, programmes like Resoomer can produce a summary of the 

content. After that, a text snippet is classified by using tools such as Uclassify to assign it to one or more categories. 

Sentiment analysis tools comprehend and produce text that reflects the underlying feelings conveyed in spoken 

language. Repustate and Brand24 are two examples. You can utilise Yandex, Weaver, and Language for multilingual 

language translation. It is significant to remember that in order to enhance their systems, a large number of open 

source generative AI tools gather and examine the data that is supplied with them. When using these tools, it's crucial 

to keep this in mind in order to protect sensitive or private information. So, are there any options that respect privacy 

that are open source? Yes, is the response? For instance, you can install GPT4ALL on your computers to use it as a 

Chabot that respects privacy and doesn't require a GPU or the Internet.  

Moreover, chatbots like H2O.ai and PrivateGPT employ the capability of LLMs to operate locally on devices without 

an Internet connection, protecting user privacy. Furthermore, by connecting these tools to the databases and 

documents within your organisation, you can tailor their use for use exclusively within that particular organisation.  

Text generators powered by generative AI have various advantages. Because they offer detailed explanations, these 

resources are effective learning tools. They enable efficiency for authors and creators by producing many text formats 

rapidly. These resources foster original thought and increase creativity. They are helpful as chatbots and virtual 

assistants since they facilitate lively and engaged interactions. Organisations' productivity can be raised by automating 

tedious writing jobs.  

They facilitate worldwide audiences' communication and content localization through their multilingual support. The 

language learning app Duo lingo creates English test items and corrects French grammar using the GPT-3. The 

potential of generative AI to automatically identify hazards, produce insights, and provide suggestions that are 

financially literate is extremely advantageous to banking and financial organisations.  

For banking applications to respond in a way that is human-like and financially literate, KAI-GPT is the first LLM 

designed specifically for the banking sector. For instance, Data Robot can create synthetic use cases in risk 

assessment by modelling possible fraud situations in order to identify credit risk. Avatars and virtual influencers 

driven by generative AI have also grown in popularity recently; they engage people and create interesting 

experiences. Generative AI enhances infrastructure management and software delivery procedures in IT and DevOps.  

The amount of time spent on repetitive operations and manual coding is reduced by generative AI's code generating 

capabilities. Code repositories and coding standards are examined using generative AI-powered code review tools like 

Synk's Deep Code and GitHub Copilot to improve code quality and maintainability. Synthetic test cases and test data 

that mimic user behaviour are produced using generative models. Test cases and variations affect the robustness, 

efficiency, and dependability of software. Adequate testing coverage is ensured by tools like Testim and Applitools, 

which increase the diversity and depth of data sets. AIOps, Moogosft, and IBM Watson are a few examples of tools 

that monitor and identify anomalies in code by analysing system logs, metrics, and other data. This lowers downtime 

and avoids major failures by aiding in preventative maintenance and troubleshooting. GitLab Duo automatically 

generates release notes, modifies logs, and updates deployment templates and scripts to support continuous integration 

and deployment, or CICD, pipelines. Predictive maintenance, automated infrastructure management, and natural 

language interfaces are other uses of IT and DevOps. Let's now examine the entertainment industry.  

A wide range of synthetic content, including music, screenplays, stories, videos, movies, and video games, can be 

produced by generative AI techniques. Education is the next major area where generative AI will have an influence. 

The significance of generative AI is enormous, ranging from content creation to simulated experiential learning and 

personalised and adaptable learning experiences. Their ability to speak languages allows them to translate stuff into 
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other languages and make it available. They can design learning journeys and evaluation techniques that 

accommodate each learner's unique speed and strengths, as well as assignments that offer immediate feedback.  

The fundamental powers of generative AI models for creating images and the main functions of popular models and 

tools for creating images. To get the desired results, generative AI picture creation models can create new images and 

modify created and real images. You might wish to create an image of a little child holding a book, for instance. 

Additionally, you might want to alter the created image's book cover's colour. Let's use Freepik, a free AI image 

generator, to create a new image. A text prompt describing the image you wish to produce must be entered. Assume 

you type the subsequent prompt. a boat cruising a tranquil lake at dusk, encircled by verdant foliage and a peaceful 

sky.  

 

Recall that the prompt's wording and description of your image affect the quality and accuracy of the image that is 

created. Now let's choose the look and create the picture. We've generated several photos here. You have the option to 

choose and download one image, or you can change the prompt to create other images. The process of translating a 

picture from one domain to another while maintaining the original content and style is known as "image-to-image 

translation." As an illustration, consider transforming sketches into realistic images, mapping satellite photographs, 

translating images from security cameras into higher resolution images, and improving medical imaging detail. In 

order to create hybrid or fusion images—such as turning a painting into a photograph—style transfer and fusion 

include taking the elements of one image and applying them to another.  

Rebuilding damaged or absent portions of an image to bring it to completion is known as in painting. By adding new 

elements to the original image that resemble extensions of the original, outpainting entails expanding the original 

image. This can be applied to produce higher-resolution photos, panoramic vistas, and larger images.  

With the evolution of the models that drive them, so too have the generative models and tools' capacities for creating 

and modifying images. The GPT model is the foundation for OpenAI's DALL-E. DALL-E can produce high-

resolution images in a variety of styles, including paintings and photorealistic images, thanks to its training on larger 

datasets of images and the textual descriptions that go with them. The latest iterations of DALL-E offer the ability to 

create several image variations and to alter images via in painting and out painting.  

An open-source text-to-image diffusion model is called stable diffusion. Generative models that produce high-

resolution images are called diffusion models. While it can also be used for image-to-image translation in painting and 

out painting, stable diffusion is mainly employed to create visuals based on text props. The Invidious StyleGAN 

model allows for fine-grained control over style for modifying particular elements such as stance or facial expression 

by separating the modelling of picture content and style. StyleGAN has developed to produce photos with more 

realistic details and higher resolution.  

You can use free programmes like Crayon, Freepik, and Picsart to investigate the text to image generating capabilities 

of generative AI. These tools are capable of producing photos in many formats and styles. You can make your own 

unique styles using the range of pre-trained styles offered by Fotor and Deep Art Effects. Using the internet tool 

DeepArt.io, images can be transformed into a variety of artistic styles. With the aid of image generating communities,  

Midjourney provides a platform for artists and designers to utilise AI to create images and view one other's

 work. In order to incorporate their functionality and capabilities into other software applications and tools, a 

large number of generative AI picture generators can also be incorporated via APIs. Several well-known image 

generators that provide APIs are Crayon, Midjourney, and DALL-E. Giants in the technology industry like Adobe and 

Microsoft have also entered the AI image generator market. 
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