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Abstract 

Oesophagogastric junction (OGJ) cancer represents a biologically heterogeneous malignancy located at the 

anatomical transition between the distal esophagus and proximal stomach, commonly categorized using the 

Siewert classification system. Despite advances in surgical techniques and multimodal therapy, prognosis 

remains poor due to late-stage diagnosis, tumor heterogeneity, and limitations in conventional imaging-based 

staging. Recent progress in artificial intelligence (AI), particularly deep learning and machine learning 

algorithms, has enabled the extraction of high-dimensional quantitative features from endoscopic and 

radiological images, giving rise to novel imaging-based biomarkers. 

AI-assisted endoscopy enhances early lesion detection, automated tumor margin delineation, and invasion depth 

prediction through real-time image analysis. Concurrently, radiomic analysis of CT, PET-CT, and MRI data 

provides quantitative assessments of tumor texture, shape, and heterogeneity, which can predict lymph node 

metastasis, response to neoadjuvant therapy, and overall survival. Integration of endoscopic biomarkers, 

radiomic features, and molecular profiles—termed radiogenomics—further advances precision oncology by 

enabling personalized risk stratification and treatment planning. Although promising, challenges such as data 

standardization, reproducibility, interpretability, and regulatory validation remain significant. This review 

synthesizes current evidence on AI-integrated endoscopic and radiomic biomarkers in OGJ cancer and discusses 

their translational potential toward improving diagnostic accuracy, prognostic prediction, and individualized 

therapeutic decision-making. 
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Introduction 

Oesophagogastric junction (OGJ) cancer represents a distinct and increasingly prevalent subgroup of upper 

gastrointestinal malignancies arising at the anatomical transition between the distal esophagus and proximal 

stomach. Over the past few decades, the global incidence of adenocarcinoma at the gastroesophageal junction 

has risen significantly, particularly in Western countries, while squamous cell carcinoma of the esophagus has 

shown a relative decline in some regions. Epidemiologically, OGJ cancer demonstrates marked geographic 

variability, with higher incidence rates observed in Europe, North America, and parts of East Asia. Risk factors 

include chronic gastroesophageal reflux disease (GERD), Barrett’s esophagus, obesity, tobacco use, and dietary 

influences. Despite advances in surgical techniques, perioperative chemotherapy, and chemoradiotherapy 

protocols, overall survival remains limited, largely due to late-stage presentation and early metastatic spread. 
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The five-year survival rate for advanced-stage disease remains poor, underscoring the urgent need for improved 

early detection and risk stratification strategies. 

Anatomically, OGJ cancer is defined by tumor location relative to the gastroesophageal junction and is 

commonly classified using the Siewert classification system. This classification categorizes tumors into three 

types: Type I (distal esophageal adenocarcinoma), Type II (true carcinoma of the cardia), and Type III 

(subcardial gastric carcinoma infiltrating the junction). This distinction is clinically significant because it 

influences surgical approach, lymph node dissection strategy, and multimodal treatment planning. However, 

accurate preoperative classification can be challenging due to tumor extension across anatomical boundaries and 

variable imaging interpretation. Furthermore, biological heterogeneity within and across Siewert types 

complicates prognostic prediction and therapeutic decision-making. 

Early detection and precise staging of OGJ cancer remain major clinical challenges. Early-stage lesions often 

present with subtle mucosal changes that are difficult to distinguish from benign inflammatory or metaplastic 

alterations during conventional white-light endoscopy. Similarly, assessment of tumor invasion depth (T stage) 

and regional lymph node involvement (N stage) using imaging modalities such as computed tomography (CT) 

and endoscopic ultrasound (EUS) is subject to interobserver variability and limited sensitivity. Micrometastatic 

disease frequently escapes detection with standard imaging techniques, contributing to understaging and 

suboptimal treatment planning. Accurate prediction of response to neoadjuvant chemoradiotherapy—an essential 

component of treatment for locally advanced disease—remains imperfect, often relying on post-treatment 

histopathological evaluation rather than pre-therapy predictive biomarkers. 

Conventional imaging and histopathology, although foundational to diagnosis and management, have inherent 

limitations. Radiological assessment primarily depends on morphological features such as tumor size and nodal 

enlargement, which may not fully capture underlying tumor biology or heterogeneity. Histopathological analysis 

provides definitive diagnosis but requires invasive biopsy or surgical resection and may suffer from sampling 

bias due to intratumoral heterogeneity. Moreover, static imaging and tissue-based assessments offer limited 

ability to dynamically monitor tumor evolution or treatment response over time. These constraints highlight the 

need for advanced, quantitative, and non-invasive biomarkers capable of reflecting tumor microenvironment 

complexity and molecular characteristics. 

In this context, artificial intelligence (AI)-integrated biomarker approaches have emerged as a promising solution. 

AI techniques, particularly deep learning and radiomics, enable extraction of high-dimensional quantitative 

features from endoscopic and radiological images that may be imperceptible to human observers. By integrating 

imaging phenotypes with clinical and molecular data, AI models can enhance early detection, improve staging 

accuracy, predict treatment response, and stratify patients according to recurrence risk. Such multimodal 

frameworks align with the principles of precision oncology, shifting management from reactive treatment toward 

predictive, individualized care. Therefore, AI-integrated endoscopic and radiomic biomarkers represent a 

transformative avenue for addressing current diagnostic and prognostic gaps in OGJ cancer management. 

Biology and Molecular Landscape of OGJ Cancer 

Oesophagogastric junction (OGJ) cancer is biologically complex and exhibits significant molecular diversity.  

Although many OGJ tumors are adenocarcinomas, their molecular profiles may overlap with both distal 

esophageal adenocarcinoma and proximal gastric cancer, making biological classification challenging. Advances 

in genomic and transcriptomic profiling have revealed that OGJ cancers are not a single disease entity but rather 

a heterogeneous group of tumors with distinct molecular alterations, tumor microenvironment characteristics, 

and therapeutic vulnerabilities. 
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Tumor Heterogeneity 

Tumor heterogeneity in OGJ cancer exists at multiple levels—intertumoral (between patients), intratumoral 

(within the same tumor), and temporal (changes over time, especially after therapy). Intertumoral heterogeneity 

explains why patients with similar clinical staging may exhibit markedly different responses to chemotherapy, 

targeted therapy, or immunotherapy. Intratumoral heterogeneity is particularly important in OGJ cancer because 

different regions of the tumor may harbor distinct genetic mutations, protein expression levels, or immune cell 

infiltration patterns. This variability can lead to sampling bias during biopsy and may result in underestimation 

of actionable biomarkers. 

Additionally, clonal evolution under therapeutic pressure can cause resistant subclones to dominate after 

treatment, contributing to relapse and disease progression. Such biological complexity underscores the need for 

comprehensive biomarker assessment and supports the integration of advanced imaging and AI-based analytical 

models to capture spatial and temporal tumor variability. 

Common Molecular Markers 

Several clinically relevant molecular biomarkers have been identified in OGJ cancer: 

 HER2 (Human Epidermal Growth Factor Receptor 2): 

HER2 overexpression or gene amplification occurs in a subset of OGJ adenocarcinomas. HER2 positivity 

is associated with more aggressive tumor behavior but also provides a therapeutic target. Patients with 

HER2-positive tumors may benefit from HER2-targeted therapies, improving overall survival in 

advanced disease settings. 

 PD-L1 (Programmed Death-Ligand 1): 

PD-L1 expression is used as a predictive biomarker for response to immune checkpoint inhibitors. 

Tumors with higher PD-L1 expression may respond better to anti–PD-1/PD-L1 immunotherapies. 

However, variability in testing methods and scoring systems can influence interpretation. 

 Microsatellite instability (MSI): 

MSI-high tumors result from defects in DNA mismatch repair mechanisms. MSI status is associated with 

a high mutational burden and enhanced immunogenicity, often predicting favorable response to 

immunotherapy. Although less common in OGJ cancer compared to other gastrointestinal malignancies, 

MSI testing remains clinically important. 

 TP53: 
TP53 mutations are among the most frequent genetic alterations in OGJ cancer. Abnormal TP53 function 

contributes to genomic instability, tumor progression, and resistance to therapy. While currently not 

directly targetable in routine clinical practice, TP53 status may have prognostic implications. 

Clinical Significance of Biomarker-Driven Therapy 

The integration of molecular biomarkers into clinical decision-making has transformed the therapeutic landscape 

of OGJ cancer. Biomarker-driven therapy enables personalized treatment selection rather than a uniform 

approach for all patients. For example, HER2-positive tumors can be treated with HER2-targeted agents in 

combination with chemotherapy, while MSI-high or PD-L1–positive tumors may benefit from immunotherapy-

based regimens. 

Biomarker-guided strategies improve treatment efficacy, reduce unnecessary toxicity, and support precision 

oncology frameworks. However, challenges remain, including heterogeneity in biomarker expression, limited 
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tissue availability, evolving resistance mechanisms, and disparities in access to molecular testing. Therefore, 

combining molecular biomarkers with advanced imaging-derived radiomic and AI-integrated signatures may 

further refine patient stratification and optimize therapeutic outcomes in OGJ cancer. 

 

AI in Gastrointestinal Endoscopy 

Artificial intelligence (AI) has significantly transformed gastrointestinal (GI) endoscopy, moving the field from 

subjective visual interpretation toward objective, data-driven diagnostics. In OGJ cancer, AI-assisted endoscopy 

offers improved detection of early lesions, better characterization of tumor margins, and enhanced staging 

accuracy. 

 

5.1 Evolution of Endoscopic Imaging 

White-Light Imaging (WLI) 

White-light imaging is the conventional and most widely used endoscopic modality. It allows direct visualization 

of mucosal surfaces under broad-spectrum illumination. Although WLI is effective for detecting advanced 

tumors, early OGJ lesions often appear as subtle mucosal irregularities, erythema, or slight 

elevations/depressions that are easily missed. Detection largely depends on operator expertise, resulting in 

interobserver variability. 

Narrow Band Imaging (NBI) 

Narrow Band Imaging enhances mucosal and microvascular visualization by using filtered blue and green 

wavelengths that are strongly absorbed by hemoglobin. This technique improves the identification of abnormal 

vascular patterns and surface structures, aiding in early neoplasia detection and differentiation between benign 

and malignant lesions. NBI is particularly useful in Barrett’s esophagus and OGJ dysplasia surveillance. 

Endoscopic Ultrasound (EUS) 

Endoscopic Ultrasound combines endoscopy with high-frequency ultrasound to evaluate tumor depth (T stage) 

and regional lymph node involvement (N stage). EUS is valuable for staging OGJ cancer, but its diagnostic 

accuracy is influenced by operator skill and tumor characteristics. Distinguishing between superficial and 

submucosal invasion remains challenging in some cases. 

 

5.2 AI Algorithms in Endoscopy 

Machine Learning vs Deep Learning 

Traditional machine learning (ML) relies on manually engineered features extracted from images (e.g., texture, 

color, shape), which are then used to train classification algorithms such as support vector machines or random 

forests. In contrast, deep learning (DL) automatically learns hierarchical feature representations directly from 

raw image data, eliminating the need for manual feature extraction. DL models generally outperform 

conventional ML in complex image recognition tasks. 
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Convolutional Neural Networks (CNNs) 

Convolutional Neural Network are the backbone of most AI-based endoscopic systems. CNNs use multiple 

convolutional layers to detect edges, textures, vascular patterns, and structural abnormalities. They are highly 

effective for classifying lesions, predicting histology, and assessing invasion depth in OGJ cancer. Their ability 

to process large image datasets enables robust pattern recognition beyond human perception. 

Real-Time Lesion Detection Systems 

AI-powered real-time detection systems integrate CNN models into endoscopy platforms to provide immediate 

visual alerts during procedures. These systems highlight suspicious areas with bounding boxes or heatmaps, 

assisting endoscopists in detecting subtle lesions and reducing miss rates. Real-time feedback improves 

diagnostic confidence and may shorten learning curves for less experienced operators. 

 

5.3 AI-Derived Endoscopic Biomarkers 

AI-derived endoscopic biomarkers refer to quantitative imaging features extracted and interpreted using AI 

algorithms to predict pathological or clinical outcomes. 

Microvascular Pattern Recognition 

AI systems analyze microvascular architecture and mucosal surface patterns—especially in NBI images—to 

differentiate neoplastic from non-neoplastic tissue. Subtle irregularities in vascular caliber, tortuosity, and 

distribution can serve as predictive biomarkers for dysplasia or early carcinoma. 

Tumor Margin Delineation 

Precise delineation of tumor margins is essential for endoscopic resection planning. AI models can enhance 

visualization of lesion boundaries, minimizing incomplete resection and preserving healthy tissue. This is 

particularly important in early-stage OGJ cancer eligible for endoscopic submucosal dissection. 

Depth of Invasion Prediction 

AI algorithms trained on annotated datasets can predict tumor invasion depth by analyzing morphological and 

textural patterns. Accurate differentiation between mucosal and submucosal invasion guides treatment decisions, 

such as endoscopic therapy versus surgical resection. 

Automated Dysplasia Detection 

In surveillance settings (e.g., Barrett’s esophagus), AI systems can automatically detect and classify dysplastic 

lesions. Automated dysplasia detection reduces dependence on random biopsies and improves early cancer 

detection rates. 

 

5.4 Clinical Evidence and Validation Studies 

Multiple prospective and retrospective studies have demonstrated high sensitivity and specificity of AI-assisted 

endoscopy for detecting upper GI neoplasia. Validation studies report diagnostic performance comparable to 

expert endoscopists, particularly in early lesion detection and histological prediction. 
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However, widespread clinical adoption of AI-assisted endoscopy requires several critical steps. First, large 

multicenter validation trials are essential to ensure that AI models perform consistently across diverse patient 

populations, endoscopy systems, and clinical settings. Many current studies are single-center and retrospective, 

which may limit generalizability. Robust prospective trials with standardized endpoints are necessary to confirm 

real-world diagnostic accuracy, reproducibility, and clinical benefit. 

Second, standardization of training datasets is crucial. Variability in image quality, annotation methods, disease 

prevalence, and equipment types can significantly affect AI model performance. Establishing high-quality, 

annotated, and diverse datasets—ideally through international collaboration—will help reduce bias and improve 

algorithm robustness. Third, regulatory approval and quality assurance frameworks must be clearly defined to 

ensure patient safety, transparency, and accountability. Continuous performance monitoring, algorithm updating 

protocols, and medico-legal clarity are vital for sustainable implementation. 

Finally, seamless integration into routine endoscopic workflow is necessary for practical adoption. AI systems 

should provide real-time assistance without prolonging procedure time or disrupting clinical efficiency. User-

friendly interfaces, proper clinician training, and interoperability with hospital information systems will 

determine successful implementation. 

Despite these challenges, AI-integrated endoscopy holds substantial promise for transforming OGJ cancer care. 

By enhancing early lesion detection, refining staging accuracy, reducing interobserver variability, and supporting 

precision treatment planning, AI-driven technologies may significantly improve clinical outcomes and move 

endoscopic oncology toward a more standardized and data-driven future. 

 

Radiomics and AI in OGJ Cancer 

Radiomics is an emerging field that extracts large amounts of quantitative data from standard medical images 

and converts them into mineable numerical features. In OGJ cancer, radiomics combined with AI provides non-

invasive biomarkers that reflect tumor biology, heterogeneity, and treatment response. 

 

6.1 Principles of Radiomics 

Imaging Acquisition: CT, PET-CT, MRI 

Radiomics begins with high-quality imaging acquisition: 

 Computed Tomography (CT): 

CT is widely used for staging OGJ cancer. It provides detailed anatomical information regarding tumor 

size, wall thickening, local invasion, and distant metastasis. Contrast-enhanced CT improves 

visualization of tumor boundaries and lymph nodes. 

 Positron Emission Tomography–CT (PET-CT): 

Positron Emission Tomography combined with CT evaluates metabolic activity using radiotracers such 

as FDG. PET-CT identifies hypermetabolic tumor regions and occult metastases, offering functional 

information beyond anatomy. 
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 Magnetic Resonance Imaging (MRI): 

Magnetic Resonance Imaging provides superior soft-tissue contrast and functional imaging sequences 

such as diffusion-weighted imaging (DWI), which reflects cellular density and microstructural changes. 

Standardization of imaging protocols (slice thickness, reconstruction algorithms, contrast timing) is critical 

because radiomic features are sensitive to acquisition variability. 

 
Extraction of Quantitative Features 

After tumor segmentation (manual, semi-automated, or AI-based), hundreds to thousands of quantitative features 

are extracted, including: 

 Shape features: tumor volume, surface area, sphericity 

 First-order statistics: mean intensity, standard deviation, skewness 

 Texture features: gray-level co-occurrence matrix (GLCM), run-length matrix, wavelet transforms 

These features quantify tumor characteristics that are visually imperceptible. 

 
Tumor Texture, Heterogeneity, and Entropy 

Radiomics captures intratumoral heterogeneity, which reflects variations in cellularity, necrosis, angiogenesis, 

and stromal composition. 

 Texture analysis evaluates spatial relationships between pixels. 

 Heterogeneity metrics measure variability within the tumor. 

 Entropy quantifies randomness or disorder in pixel intensity distribution—higher entropy often indicates 

greater biological aggressiveness. 

In essence, radiomics transforms conventional images into high-dimensional numerical datasets, enabling 

objective and reproducible tumor characterization. 

 

6.2 AI-Based Radiomic Modeling 

Radiomic features alone are not clinically useful without predictive modeling. AI algorithms analyze complex 

patterns within these features to generate clinically meaningful predictions. 

Feature Selection Methods 

Because radiomic datasets are high-dimensional, feature reduction is essential to avoid overfitting. Common 

methods include: 

 Correlation analysis 

 Least Absolute Shrinkage and Selection Operator (LASSO) 

 Recursive feature elimination 

 Principal component analysis (PCA) 
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Feature selection improves model robustness and interpretability. 

 
Predictive Modeling 

Several AI approaches are used in radiomic modeling: 

 Random Forest: 

Random Forest is an ensemble learning technique that builds multiple decision trees and aggregates their 

predictions. It handles nonlinear relationships and reduces overfitting. 

 Support Vector Machine (SVM): 

Support Vector Machine constructs optimal hyperplanes to classify data into categories (e.g., responder 

vs non-responder). It is effective in high-dimensional datasets. 

 Deep Learning: 

Deep Learning models, particularly convolutional neural networks, can automatically extract imaging 

features without predefined engineering, enabling end-to-end prediction systems. 

 
Cross-Validation Techniques 

To ensure reliability, models undergo validation processes such as: 

 k-fold cross-validation 

 Internal validation (training/testing split) 

 External validation using independent cohorts 

These techniques assess generalizability and prevent overfitting. 

 
How Models Predict Outcomes 

AI models learn patterns linking radiomic features to known clinical outcomes (e.g., lymph node metastasis). 

During training, the model adjusts parameters to minimize prediction error. Once validated, the trained model 

can analyze new patient images and estimate probabilities for specific outcomes—such as likelihood of 

recurrence or treatment response. 

 

6.3 Radiomic Biomarkers in OGJ 

Radiomic biomarkers have several promising clinical applications in OGJ cancer: 

Predicting Lymph Node Metastasis 

Radiomic models can detect subtle imaging patterns associated with nodal spread, even when lymph nodes 

appear morphologically normal on CT. Accurate prediction improves surgical planning and neoadjuvant therapy 

decisions. 
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Neoadjuvant Chemotherapy Response 

Radiomic features reflecting tumor heterogeneity and metabolic activity can predict response to preoperative 

chemotherapy or chemoradiotherapy. Early identification of non-responders may allow treatment modification 

and avoid unnecessary toxicity. 

Survival Prediction 

Prognostic radiomic signatures integrate texture, intensity, and shape features to stratify patients into risk 

categories. These models may outperform traditional staging systems by incorporating biological heterogeneity.  

Recurrence Risk Assessment 

Post-treatment radiomic analysis can identify imaging phenotypes associated with higher recurrence probability. 

Combining radiomics with clinical and molecular biomarkers further enhances predictive accuracy. 

 

Overall, AI-driven radiomics offers a non-invasive, reproducible, and scalable approach to precision oncology 

in OGJ cancer. By converting routine imaging into quantitative biomarkers, it bridges the gap between 

radiological appearance and tumor biology, supporting personalized therapeutic strategies. 

Radiogenomics and Multimodal Integration 

Radiogenomics is an emerging field that links quantitative imaging features (radiomics) with genomic and 

molecular characteristics of tumors. In OGJ cancer, radiogenomics aims to bridge the gap between non-invasive 

imaging and underlying tumor biology, enabling precision oncology through integrated, data-driven decision-

making. 

 
Integration of Imaging Data 

Radiogenomic analysis begins with high-dimensional imaging data derived from CT, PET-CT, or MRI. 

Radiomic features—such as tumor texture, heterogeneity, entropy, and shape—are extracted after accurate tumor 

segmentation. These features reflect spatial variation in tumor cellularity, necrosis, vascularity, and stromal 

components. 

Advanced AI algorithms analyze imaging phenotypes that may indirectly represent molecular pathways, 

angiogenic activity, immune infiltration, or proliferative potential. Thus, imaging becomes more than structural 

visualization—it becomes a surrogate marker of tumor biology. 

 
Integration of Molecular Markers 

Molecular profiling of OGJ cancer commonly includes biomarkers such as: 

 HER2 

 PD-L1 

 Microsatellite instability 

 TP53 

These biomarkers guide targeted therapy and immunotherapy decisions. However, tissue sampling may not fully 

capture intratumoral heterogeneity. Radiogenomics addresses this limitation by correlating whole-tumor imaging 
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features with molecular expression patterns, offering a comprehensive, non-invasive assessment of tumor 

genotype–phenotype relationships. 

 
Integration of Clinical Parameters 

Clinical data such as age, performance status, tumor stage, treatment regimen, laboratory markers, and survival 

outcomes are incorporated alongside imaging and molecular data. Multimodal AI models combine these 

heterogeneous data types to improve predictive accuracy. 

For example, a multimodal framework may integrate: 

 Radiomic texture features 

 HER2 expression status 

 PD-L1 combined positive score (CPS) 

 TNM stage 

 Neoadjuvant therapy response 

This holistic approach enhances risk stratification beyond single-modality analysis. 

 

AI Correlation Between Radiomic Features and Molecular Expression 

AI models—particularly machine learning and deep learning algorithms—can detect hidden associations 

between radiomic features and molecular biomarkers. 

Correlation with HER2 Expression 

Studies have shown that certain radiomic signatures derived from contrast-enhanced CT or PET-CT correlate 

with HER2 overexpression. Tumors with HER2 amplification may demonstrate distinct enhancement patterns, 

higher heterogeneity, or specific texture distributions. AI models trained on labeled datasets (HER2-positive vs 

HER2-negative) can predict HER2 status non-invasively. 

This approach offers several advantages: 

 Reduces dependence on repeated biopsies 

 Captures spatial heterogeneity 

 Assists in selecting candidates for HER2-targeted therapy 

 
Correlation with PD-L1 Expression 

Radiomic features reflecting tumor immune microenvironment—such as heterogeneity and metabolic activity 

on PET imaging—have been associated with PD-L1 expression. AI algorithms can identify imaging phenotypes 

linked to immune infiltration and inflammatory responses. 

By predicting PD-L1 status from imaging data, clinicians may: 

 Identify patients likely to respond to immune checkpoint inhibitors 

 Monitor dynamic immune-related changes during therapy 

 Personalize immunotherapy strategies 
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Enabling Precision Therapy 

Radiogenomic models represent a transformative step toward precision oncology in OGJ cancer by integrating 

imaging-derived radiomic signatures with molecular and clinical data. This multimodal approach enables more 

individualized, biologically informed treatment decisions. 

1. Non-invasive biomarker prediction 

Radiogenomic algorithms can estimate molecular biomarker status—such as HER2 amplification or PD-L1 

expression—directly from imaging features. By identifying imaging phenotypes associated with specific genetic 

or immunologic profiles, AI models reduce reliance on invasive biopsies. This is particularly valuable when 

tissue samples are limited, inaccessible, or insufficient to reflect intratumoral heterogeneity. Non-invasive 

biomarker prediction supports earlier therapeutic decision-making and may accelerate initiation of targeted or 

immunotherapy. 

2. Treatment stratification 

Radiogenomic models assist in selecting patients who are most likely to benefit from specific therapies. For 

instance, predicted HER2-positive tumors may be directed toward HER2-targeted regimens, while imaging 

signatures associated with PD-L1 expression or immune activation may guide immunotherapy selection. Beyond 

single biomarkers, integrated models combining radiomic, genomic, and clinical parameters enhance risk 

stratification, allowing clinicians to tailor neoadjuvant, adjuvant, or palliative treatment strategies more precisely.  

3. Dynamic monitoring 

Unlike static tissue biopsy, imaging can be repeated throughout the disease course. Radiogenomic frameworks 

enable longitudinal assessment of tumor evolution during chemotherapy, chemoradiotherapy, or immunotherapy. 

Changes in texture, heterogeneity, or metabolic activity may indicate early treatment response or emerging 

resistance. AI-driven monitoring facilitates adaptive treatment strategies, potentially improving outcomes and 

minimizing unnecessary toxicity. 

4. Comprehensive tumor assessment 

Tumor heterogeneity remains a major limitation of conventional biopsy-based molecular testing. Radiogenomics 

analyzes the entire tumor volume rather than a small sampled region, thereby reducing sampling bias. Whole-

tumor evaluation better captures spatial variation in molecular expression and microenvironmental 

characteristics. This comprehensive assessment enhances prognostic accuracy and supports more robust 

therapeutic planning. 

Overall, radiogenomic integration advances OGJ cancer management from morphology-based decision-making 

to biologically informed, patient-specific therapy—an essential step toward fully realized precision medicine. 

 

Non-Invasive Biomarker Prediction 

Non-invasive biomarker prediction refers to the use of imaging-derived radiomic features and AI algorithms to 

estimate molecular characteristics of a tumor without requiring tissue biopsy. In OGJ cancer, radiogenomic 

models analyze quantitative features from CT, PET-CT, or MRI—such as texture, entropy, enhancement patterns, 

and metabolic heterogeneity—and correlate them with molecular markers like HER2 amplification or PD-L1 

expression. 

This approach provides several advantages: 
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 Evaluates the entire tumor volume, reducing sampling bias. 

 Minimizes invasive procedures and associated risks. 

 Enables repeated assessment during treatment. 

 Captures spatial and temporal heterogeneity. 

By predicting biomarker status directly from imaging, clinicians can initiate targeted or immunotherapy earlier, 

especially when biopsy tissue is limited or inconclusive. 

 

Personalized Treatment Stratification 

Personalized treatment stratification involves selecting therapy based on an individual patient’s tumor biology 

rather than relying solely on anatomical staging. AI-integrated models combine radiomic features, molecular 

markers, and clinical parameters (e.g., TNM stage, performance status) to categorize patients into risk or 

response groups. 

For example: 

 Predicted HER2-positive tumors may receive HER2-targeted therapy. 

 Imaging signatures associated with high PD-L1 expression may guide immunotherapy selection. 

 Radiomic patterns indicating poor chemotherapy response may prompt alternative treatment strategies. 

This data-driven stratification improves therapeutic precision, enhances treatment efficacy, reduces unnecessary 

toxicity, and supports adaptive treatment planning throughout the disease course. 

Clinical Applications and Translational Potential 

AI-integrated endoscopic, radiomic, and radiogenomic approaches in OGJ cancer are transitioning from research 

settings toward real-world clinical implementation. Their translational potential lies in improving early detection, 

optimizing treatment planning, enabling dynamic response assessment, and advancing personalized medicine. 

 
1. Early Detection Programs 

Early-stage OGJ cancer often presents with subtle mucosal abnormalities that are easily overlooked during 

conventional endoscopy. AI-assisted systems integrated into white-light imaging and Narrow Band Imaging can 

enhance detection of dysplasia and early neoplastic lesions by highlighting suspicious vascular and surface 

patterns in real time. 

In high-risk populations—such as patients with Barrett’s esophagus—AI-based surveillance programs may: 

 Reduce missed lesion rates 

 Standardize diagnostic accuracy across operators 

 Improve early cancer detection rates 

 Decrease reliance on random biopsy protocols 

Early detection significantly increases eligibility for minimally invasive treatments and improves survival 

outcomes. 
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2. Treatment Planning (Surgery vs Chemoradiotherapy) 

Accurate staging and biological characterization are critical when deciding between primary surgery and 

neoadjuvant chemoradiotherapy followed by surgery. AI-driven radiomic models derived from CT, PET-CT, or 

MRI can predict: 

 Depth of invasion 

 Lymph node metastasis 

 Probability of response to neoadjuvant therapy 

Radiogenomic tools that estimate HER2 or PD-L1 status from imaging further refine therapeutic selection. 

Such models assist multidisciplinary tumor boards in selecting optimal strategies—whether proceeding directly 

to surgery, initiating chemoradiotherapy, or incorporating targeted or immunotherapy. 

 
3. Monitoring Treatment Response 

Traditional response assessment relies on size reduction criteria (e.g., RECIST), which may not fully capture 

biological response. AI-based radiomic analysis can detect subtle changes in tumor texture, heterogeneity, and 

metabolic activity before measurable size reduction occurs. 

Serial imaging analyzed through AI enables: 

 Early identification of responders vs non-responders 

 Detection of emerging resistance 

 Adaptive modification of therapy 

 Post-treatment recurrence risk evaluation 

This dynamic monitoring aligns with precision oncology principles and may improve long-term outcomes. 

 
4. Personalized Medicine Strategies 

AI supports personalized medicine by integrating imaging, molecular, and clinical data into unified predictive 

models. Instead of treating patients solely based on TNM staging, clinicians can incorporate: 

 Radiomic heterogeneity scores 

 Predicted molecular biomarker status 

 Clinical risk factors 

 Performance status 

These multimodal insights enable individualized risk stratification, tailored therapy selection, and optimized 

follow-up protocols. 

 

Implementation of AI Tools in Hospital Workflows 

For successful translation into routine practice, AI systems must integrate seamlessly into existing hospital 

infrastructure. 
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1. Integration with Imaging and Endoscopy Platforms 

AI algorithms can be embedded within endoscopy processors or radiology workstations to provide real-time 

decision support. Results should be displayed as overlays, heatmaps, or structured reports without disrupting 

procedural flow. 

2. PACS and Electronic Health Record (EHR) Connectivity 

Integration with Picture Archiving and Communication Systems (PACS) allows automated image retrieval and 

analysis. AI-generated outputs can be incorporated into radiology reports and linked with electronic health 

records for multidisciplinary access. 

3. Multidisciplinary Tumor Board Support 

AI-derived predictive scores can be presented during tumor board discussions, supporting evidence-based 

decision-making alongside pathology and clinical findings. 

4. Continuous Model Validation and Quality Assurance 

Hospitals must implement governance frameworks for algorithm monitoring, performance auditing, periodic 

recalibration, and regulatory compliance. Clinician training programs are essential to ensure appropriate 

interpretation and use of AI outputs. 

 

Translational Impact 

By embedding AI tools into diagnostic and therapeutic pathways, OGJ cancer management can transition from 

reactive and morphology-based decision-making toward proactive, biology-driven precision care. When 

validated and properly integrated, AI-assisted systems have the potential to enhance diagnostic accuracy, 

optimize therapeutic selection, reduce variability, and ultimately improve patient survival and quality of life. 

 

Challenges and Limitations 

Despite the promising role of AI-integrated endoscopy, radiomics, and radiogenomics in OGJ cancer, several 

significant barriers limit widespread clinical implementation. Addressing these challenges is essential for safe, 

reliable, and equitable adoption. 

 
1. Small Datasets and Bias 

Many AI studies in OGJ cancer are based on small, single-center datasets. Limited sample sizes increase the risk 

of overfitting, where models perform well on training data but poorly in real-world settings. 

Additionally, datasets may lack demographic diversity, leading to selection bias. Models trained on specific 

populations, imaging equipment, or disease prevalence patterns may not generalize to other regions or healthcare 

systems. This limits external validity and raises concerns about fairness and health disparities. 
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2. Lack of Standardized Imaging Protocols 

Radiomic features are highly sensitive to imaging parameters such as: 

 Slice thickness 

 Reconstruction algorithms 

 Contrast timing 

 Scanner type 

Variability in CT, PET-CT, or MRI acquisition protocols across institutions can significantly affect extracted 

features, leading to inconsistent model performance. Without harmonized imaging standards, reproducibility and 

comparability across studies remain challenging. 

 
3. Reproducibility Issues 

Reproducibility is a major concern in radiomics and AI research. Contributing factors include: 

 Differences in tumor segmentation methods (manual vs automated) 

 Variability in feature extraction software 

 Inconsistent feature definitions 

 Lack of external validation cohorts 

Models may show high internal accuracy but fail in independent datasets. Transparent reporting, open-source 

datasets, and standardized validation frameworks are required to enhance reliability. 

 
4. Ethical Concerns 

AI implementation in oncology raises several ethical considerations: 

 Data privacy and security: Large imaging and genomic datasets must be securely stored and shared. 

 Algorithm transparency: Many AI models, particularly deep learning systems, function as “black 

boxes,” making clinical interpretation challenging. 

 Bias and fairness: Algorithms may inadvertently reinforce healthcare disparities if trained on non-

representative populations. 

 Clinical responsibility: Clear guidelines are needed to define accountability when AI-assisted decisions 

influence patient outcomes. 

Ensuring ethical oversight and explainable AI systems is critical for maintaining patient trust. 

 
5. Regulatory Approval Requirements 

Before clinical deployment, AI-based medical tools must undergo rigorous regulatory evaluation to ensure safety 

and effectiveness. Regulatory bodies require: 

 Evidence from large, multicenter validation studies 

 Demonstration of clinical benefit 

 Ongoing performance monitoring 

 Quality assurance and risk management frameworks 
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Adaptive algorithms that continuously learn from new data pose additional regulatory challenges, as model 

updates may require revalidation. 

 

Future Perspectives 

The field of AI-integrated biomarkers in OGJ cancer is rapidly evolving, with several promising directions poised 

to shape its clinical future. 

Federated Learning for Multicenter Collaboration 

Federated learning enables multiple institutions to collaboratively train AI models without sharing raw patient 

data. Instead of transferring sensitive imaging or genomic datasets, models are trained locally and aggregated 

centrally. This approach enhances dataset diversity, improves generalizability, protects patient privacy, and 

reduces institutional data-sharing barriers. For rare or heterogeneous tumors such as OGJ cancer, federated 

frameworks can significantly strengthen model robustness across geographic and demographic populations. 

Explainable AI (XAI) Models 

One of the major limitations of deep learning systems is their “black-box” nature. Explainable AI aims to make 

model predictions transparent and interpretable by highlighting key imaging regions or features influencing 

decisions (e.g., heatmaps, feature importance scoring). In oncology, explainability is crucial for clinician trust, 

ethical accountability, and regulatory approval. Future models will likely combine high predictive accuracy with 

interpretable decision pathways. 

Prospective Clinical Trials 

Most current studies are retrospective. Large-scale, prospective, multicenter clinical trials are essential to validate 

AI-based endoscopic and radiomic biomarkers in real-world settings. These trials should evaluate not only 

diagnostic accuracy but also impact on survival outcomes, treatment modification rates, cost-effectiveness, and 

workflow efficiency. Integration into randomized controlled trials will be critical for guideline-level acceptance. 

Integration with Digital Health Systems 

 

Future AI platforms will be embedded within hospital digital ecosystems, including PACS, endoscopy 

processors, and electronic health records. Automated image retrieval, structured reporting, and real-time decision 

support systems will streamline workflow. Cloud-based platforms and interoperable standards will facilitate 

seamless integration and longitudinal patient monitoring.Multi-Omics Data Fusion 

The next frontier lies in integrating radiomics with genomics, transcriptomics, proteomics, and metabolomics. 

Multi-omics fusion through advanced AI architectures can uncover complex biological networks underlying 

tumor behavior. In OGJ cancer, combining imaging phenotypes with molecular signatures such as HER2 and 

PD-L1 expression may enable highly personalized therapeutic algorithms. This systems-level approach moves 

beyond single biomarkers toward comprehensive tumor profiling. 

Collectively, these innovations project a future where AI-driven multimodal integration becomes central to 

precision oncology in OGJ cancer. 
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Conclusion 

AI-integrated endoscopic, radiomic, and radiogenomic biomarkers represent a transformative advancement in 

the management of OGJ cancer. By converting imaging data into quantitative signatures and linking them with 

molecular and clinical parameters, these technologies provide non-invasive, whole-tumor biological assessment. 

Emerging evidence demonstrates strong potential for improving early detection, staging accuracy, treatment 

stratification, and response monitoring. AI models predicting biomarkers such as HER2 and PD-L1 further 

support targeted and immunotherapy-based strategies, aligning with precision medicine principles. 

However, widespread clinical implementation requires large-scale prospective validation, standardized imaging 

protocols, reproducibility assurance, and regulatory oversight. Through multicenter collaboration, explainable 

AI frameworks, and integration with digital health systems, the field is progressing toward biologically guided, 

patient-specific oncology care. 

AI-integrated biomarkers are not merely adjunct tools—they represent a foundational step toward data-driven 

precision oncology in OGJ cancer. 
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